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System Overview
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Quadrotor & Walls / Ceiling Examples

Similar to quadrotor & quadrotor collision model, except

the collision updates are only applied to the quadrotor. QuadSwarm is used as the main simulation platform in two projects that

demonstrated the transfer of learned control policies on single and multiple

fay — max(fzy — p(mg — f.),0) V|, =0 For a single quadrotor [2], we showed how to learn a policy to stabilize multiple
different quadrotors with domain randomization.
Sy < fay — u(mg — f2) V||, > O For multiple quadrotors [3], we showed how to learn a policy to control up to 128
Downwash quadrotors to approach their goals while avoiding collisions in diverse scenarios.
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Support formations: circle, grid, sphere, cylinder, cube



